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Abstract: This study examines the influence of AI-powered predictive analytics on financial forecasting and its consequences for 

corporate strategy and risk management. Data from 300 individuals in the Delhi NCR region were acquired using a mixed-methods 

approach, which involved surveys and semi-structured interviews. The quantitative findings demonstrate substantial enhancements in 

the precision and efficiency of financial forecasting subsequent to the integration of artificial intelligence (AI), with a notable 15% 

augmentation in accuracy and a commendable 20% decrease in forecast errors. The ANOVA results indicate that there were consistent 

improvements in accuracy across different industries. Additionally, the correlation analysis reveals that there are positive associations 

between the adoption of AI and the use of advanced risk management strategies. Qualitative analysis uncovers the influence of artificial 

intelligence on corporate planning and proactive risk management. The results emphasize the capability of AI-driven predictive analytics 

to improve the ability of businesses to withstand and adjust to changes in a quickly changing environment. 
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1. Introduction 

The advent of digital technologies has precipitated 

profound and rapid transformations in nearly every facet 

of existence. In recent decades, nanotechnology has 

made significant progress, allowing for the continuous 

improvement of hardware with greater processing 

capabilities (Dingli et al., 2021). Consequently, digital 

advancements such as the Internet of Things and big data 

analytics are being utilized more and more in many 

fields. AI is a very popular and widely discussed 

technology in the digital era (Chollet, 2021). Due to the 

technological advancements noted earlier, In recent 

years, AI has attracted a lot of interest and attention from 

both academics and management. At this time, AI is 

employed in various applications such as speech and 

picture recognition, medical diagnostics, and automating 

repetitive tasks (Goodfellow et al., 2016).  

AI-based algorithms are frequently and effectively 

utilized in the field of accounting for forecasting 

purposes (Bertomeu, 2020; Kureljusic and Metz, 2023). 

The practice of forecasting future business occurrences 

has a rich history in the field of accounting and has been 

extensively studied for many years. During the 1990s, 

the concept of utilizing neural networks, a collection of 

AI techniques, for forecasting problems connected to 

accounting emerged. Neural networks were employed in 

various studies to forecast quarterly accounting results, 

financial trouble, and bankruptcy. Since the 1990s, there 

has been significant research progress in the field of AI 

and its application in accounting forecasting. Advanced 

AI techniques and improved computational capacity, 

along with larger datasets, led to the development of 

more sophisticated AI algorithms. In addition, there has 

been a consistent increase in the volume of research that 

use AI for predictive analysis in the field of accounting 

(Moll and Yigitbasioglu, 2019; Agostino et al., 2022). 

1Faculty of Management Sciences, Soa (Deemed To Be 

University), Bhubaneswar, Odisha, India And Department of 

Commerce, Ksub College, Bhanjanagar, Odisha, India 

Email Id: sunilkumardas9999@gmail.com  
2Senior Manager, AKM Global, India 

Email Id: urvee95@gmail.com  
3Lecturer, Information Technology Department, University of 

Technology and Applied Sciences, Oman 

Email Id: shoukath.ali@utas.edu.om    
4Researcher/Sr. Technical Consultant, Independent Researcher, 

Texas, USA 

Email Id: dwadasiadithya@gmail.com  
5M.H.Saboo Siddik College of Engineering, Mumbai, India 

Email Id: jilani.sayyad@gmail.com  
6Assistant Professor, Department of Commerce and Management, 

Amrita Vishwavidyapeetham 

Amrita School of Arts, Humanities and Commerce, Mysuru 

Campus, India 

Email Id: sharathkumar@my.amrita.edu 



International Journal of Intelligent Systems and Applications in Engineering IJISAE, 2024, 12(21s), 3512–3516 |3513 

 

The utilization of artificial intelligence (AI) in predictive 

analytics for financial forecasting has significant 

implications for corporate strategy and risk management. 

Through the utilization of artificial intelligence, firms 

can acquire more precise and reliable predictions 

regarding future trends. This empowers them to develop 

strategic plans based on data and efficiently allocate 

resources. Predictive analytics has the capability to 

detect potential dangers by analyzing a diverse set of 

data, enabling timely intervention and implementation of 

plans to minimize their impact. Adopting a proactive 

approach to risk management enables firms to mitigate 

financial uncertainty and develop resilient contingency 

plans. In addition, AI-powered predictions provide 

flexibility in corporate strategizing, enabling companies 

to swiftly adjust to fluctuating market circumstances and 

maintain competitiveness in a swiftly altering business 

environment. 

The objectives of the study are as follows: 

1. To investigate how AI-driven predictive analytics 

enhances financial forecasting accuracy and 

efficiency. 

2. To explore how AI-based predictive analytics 

transforms corporate planning and risk management 

strategies. 

 

2. Literature review 

Accurately reporting a company's net assets, financial 

status, and operational results is the goal of international 

accounting systems like “United States Generally 

Accepted Accounting Principles (US GAAP)” and 

“International Financial Reporting Standards (IFRS)”. 

This information is included in the financial statements 

and is primarily intended to help current and prospective 

investors make wise decisions (Penman, 2013). 

According to Dai and Vasarhelyi (2017), Based on the 

balance of credits and debits in the accounting equation 

alone, there is no assurance that the correct accounts have 

been taken into consideration for accounting reasons. 

Additionally, as reservations can be changed or cancelled 

after the fact, there is a chance for fraudulent activity 

(Faccia and Moţeanu, 2019). 

Artificial intelligence, or AI, was first proposed in 1956 

and is still regarded as a relatively new field of study in 

the scientific and engineering realms (Russell et al., 

2016). AI is a multidisciplinary field that includes more 

than just computer science and mathematics. It also 

draws significantly from the domains of economics, 

neurology, and psychology, among others (Taulli, 

2019). 

Strong AI and Weak AI are two different categories of 

artificial intelligence that were first identified by Searle 

in 1980. Artificial general intelligence, or strong AI 

(Adams et al., 2012; van Gerven, 2017), is capable of 

understanding events and maybe feeling emotions 

(Taulli, 2019). Robocops with human-like abilities and 

intelligence are the goal of strong artificial intelligence 

(van Gerven, 2017). Forecasting is a popular application 

of AI and ML techniques. Forecasting has a wide range 

of uses, including the prediction of cash flow variables 

like client payment dates (Bahrami et al., 2020) and 

profit & loss elements like sales (Kureljusic and Reisch, 

2022). Future results can be predicted using a variety of 

techniques, such as clustering algorithms, ranking 

systems, regression analysis, and classification. The task 

of classifying the objects under study is crucial to the 

topic at hand (Baharudin et al., 2010). The goal of 

ranking tasks is to arrange items in a specific sequence 

according to a set of criteria (Gerdes et al., 2021). 

Moreover, clustering is the division of a collection of 

items into subgroups based on similarities between them 

(Kansalet al., 2018). Because it produces a continuous 

value, regression analysis allows for direct comparisons 

to other observations, unlike earlier methods (Mohri et 

al., 2018). 

3. Methodology 

3.1 Study design: The study used a mixed-methods 

approach, combining quantitative and qualitative 

research approaches. This approach enables a 

thorough analysis of the influence of AI-driven 

predictive analytics on financial forecasting and its 

consequences for company strategy and risk 

management. 

3.2 Study area: Delhi NCR is a significant economic 

centre in India, encompassing the country's capital 

and its neighbouring areas. It includes a wide variety 

of industries, which offers a valuable framework for 

studying the influence of AI on financial prediction. 

3.3 Data Collection: Both primary and secondary data 

gathering approaches were utilized. Finance experts 

and corporate planners get surveys to collect 

quantitative data on the accuracy and efficiency of 

financial forecasting, as well as any changes in risk 

management techniques that occur after the 

implementation of AI-based predictive analytics. 

Semi-structured interviews are utilized to gather 

qualitative feedback from key stakeholders 

regarding the impact of AI-driven predictive 

analytics on corporate planning and risk 

management.  Elaborate case studies are created for 

firms in Delhi NCR that have implemented AI-

powered predictive analytics. These case studies 
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exemplify particular instances of alterations in 

business planning and risk management 

methodologies. 

3.4 Sample Size and Sampling Technique: The study 

included a cohort of 300 people. The participants 

consist of finance professionals, corporate planners, 

and risk management experts from companies 

located within the Delhi NCR (National Capital 

Region). Convenience Sampling method was 

employed. 

3.5 Data Analysis: Both quantitative and qualitative 

data are combined to offer a holistic perspective on 

the effects of AI-driven predictive analytics. 

Statistical software like SPSS is utilized to conduct 

various techniques such as t-tests, ANOVA, and 

correlation analysis. These techniques are employed 

to evaluate the influence of AI on the accuracy and 

efficiency of financial forecasting. 

 

4. Results  

4.1 Quantitative Results: 

➢ Financial Forecasting Accuracy and Efficiency: 

The results of the statistical analysis showed that there 

was a notable improvement (p < 0.05) in financial 

forecasting accuracy and efficiency after the 

implementation of AI-driven predictive analytics. T-tests 

conducted on pre- and post-implementation data showed 

a mean increase of 15% in forecast accuracy and a 20% 

reduction in forecasting errors. ANOVA tests indicated 

that the improvement in forecasting accuracy was 

consistent across different industries within the Delhi 

NCR region. 

Table 1: Financial Forecasting Accuracy and Efficiency 

Metric Before AI 

Implementation 

After AI 

Implementation 

Change 

(%) 

Mean Forecast 

Accuracy (%) 

75 90 +15% 

Mean Forecast Errors 

(%) 

25 20 -20% 

p-value (t-test) - - < 0.05 

 

This table reflects the increase in forecast accuracy and 

reduction in errors after implementing AI-driven 

predictive analytics. The p-value indicates that the 

change is statistically significant. 

This ANOVA table suggests a significant effect of AI-

driven predictive analytics on financial forecasting 

accuracy, with a p-value less than 0.01. The F-statistic 

(10.5) indicates that the observed variance between 

groups is significant compared to the variance within 

groups. 

Table 2: ANOVA Results 

Source of 

Variation 

Sum of 

Squares 

Degrees of Freedom 

(df) 

Mean 

Square 

F-

Statistic 

p-

value 

Between Groups 250 4 62.5 10.5 < 0.01 

Within Groups 1000 195 5.1 - - 

Total 1250 199 - - - 

 

➢ Changes in Risk Management Techniques: 

Survey responses from finance professionals and 

corporate planners indicated a notable shift in risk 

management strategies following the adoption of AI-

based predictive analytics. Quantitative analysis showed 

that 70% of respondents reported implementing 

proactive risk mitigation measures, compared to only 

40% before AI implementation. Correlation analysis 

demonstrated a +ve correlation (r = 0.65) between the use 

of AI-driven predictive analytics and the adoption of 

more sophisticated risk management techniques. 
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Table 3: Changes in Risk Management Techniques 

Technique Before AI Implementation 

(%) 

After AI Implementation 

(%) 

Change 

(%) 

Proactive Risk Mitigation 40 70 +30% 

Real-time Risk 

Monitoring 

30 60 +30% 

Correlation with AI 

Adoption 

- r = 0.65 - 

 

Table 2 outlines the changes in risk management 

techniques post-AI implementation. There is a 

significant increase in proactive risk mitigation and real-

time risk monitoring, with a positive correlation between 

AI adoption and advanced risk management practices. 

 

Table 4: Correlation Matrix 

  

AI 

Adoption 

Forecast 

Accuracy 

Forecast 

Efficiency 

Risk 

Management 

AI Adoption 1 0.70 0.65 0.55 

Forecast 

Accuracy 

0.70 1 0.60 0.50 

Forecast 

Efficiency 

0.65 0.60 1 0.45 

Risk Management 0.55 0.50 0.45 1 

 

This correlation matrix shows strong positive 

correlations between AI adoption and forecast accuracy 

(0.70) and efficiency (0.65), as well as between AI 

adoption and risk management (0.55). These results 

suggest that implementing AI-driven predictive analytics 

is associated with improvements in financial forecasting 

and enhanced risk management practices. 

4.2 Qualitative Results: 

➢ Impact on Corporate Planning: 

Semi-structured interviews revealed that AI-driven 

predictive analytics has enabled companies to make more 

informed strategic decisions. Key stakeholders 

emphasized the importance of AI-generated insights in 

identifying emerging market trends and optimizing 

resource allocation. Case studies highlighted specific 

instances where AI-powered forecasts led to successful 

product launches and market expansions. 

➢ Transformation in Risk Management: 

Qualitative feedback from interviews underscored the 

role of AI in enhancing risk identification and mitigation 

capabilities. Stakeholders highlighted AI's ability to 

analyze vast datasets and detect early warning signs of 

potential risks. Case studies illustrated how AI-based risk 

management systems contributed to cost savings and 

improved resilience to market fluctuations. 

4.3 Overall Implications: 

The findings suggest that AI-driven predictive analytics 

significantly enhances financial forecasting accuracy and 

efficiency, leading to more informed decision-making in 

corporate planning. The integration of AI-based risk 

management techniques enables companies to 

proactively identify and mitigate risks, thereby 

enhancing overall business resilience and performance. 

5. Discussion 

The use of AI-powered predictive analytics into financial 

forecasting signifies a notable transformation in 

corporate planning and risk management. The findings of 

our study suggest that the implementation of AI 

technology improves the accuracy and efficiency of 

forecasting, providing evidence in favor of the notion 

that AI-powered tools are more dependable than 

conventional approaches. Enhanced precision enables 

organizations to make more informed strategic decisions, 

while proactive risk management mitigates financial 
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uncertainties. The business planning process has shown 

that AI-generated insights are essential for identifying 

new market trends and improving the allocation of 

resources. These modifications are advantageous for 

organizations seeking to sustain competitiveness in a 

dynamic business environment. Moreover, the strong 

association between the use of AI and advanced risk 

management strategies indicates that AI has the potential 

to enhance firms' ability to withstand market swings. 

6. Conclusion 

Ultimately, this study illustrates the substantial influence 

of AI-powered predictive analytics on the precision and 

effectiveness of financial forecasting, resulting in notable 

enhancements in business planning and risk 

management. The statistical evidence corroborates the 

idea that AI-based tools possess higher forecasting skills, 

while qualitative insights unveil profound alterations in 

company strategy. These findings have important 

consequences for firms aiming to utilize AI to enhance 

their financial forecasting and risk management 

strategies. Businesses that possess the capability to 

utilize data to inform their decision-making and take 

proactive measures to reduce risks are better equipped to 

traverse market uncertainty. This enables them to 

achieve long-term success and sustainability. As the 

advancement of AI technology persists, it is imperative 

to do additional research in order to comprehensively 

comprehend its complete capabilities and effectively 

tackle any potential obstacles. 
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